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Abstract 

Management accounting systems increasingly incorporate predictive models, optimization algorithms, 

robotic automation, business analytics, and machine-assisted recommendations into budgeting, 

forecasting, cost allocation, profitability analysis, performance monitoring, pricing, working-capital 

management, and investment evaluation. These systems can increase analytical capacity, yet they also 

create an accountability problem when managers receive algorithmically generated recommendations 

without sufficient knowledge of the data, assumptions, transformations, decision rules, limitations, or 

organizational responsibilities underlying those outputs. This study develops a framework for 

algorithmic accountability in management accounting systems by integrating accounting-control 

principles with transparency, explainability, traceability, human oversight, responsibility assignment, 

monitoring, and contestability. Because authenticated organizational data were not supplied, the 

quantitative component is explicitly structured as a simulation-based methodological study. Eighty 

synthetic algorithm-enabled management accounting system profiles are evaluated across four 

accountability-maturity conditions: opaque automation, documented analytics, governed algorithms, and 

accountable algorithmic systems. An Algorithmic Accountability Index is developed from six 

dimensions covering data traceability, model explainability, human oversight, responsibility attribution, 

continuous monitoring, and challenge or correction mechanisms.  

 A complementary Decision Assurance Score evaluates the extent to which algorithm-supported 

managerial decisions remain reliable, reviewable, and organizationally defensible. Simulated results 

show mean decision-assurance scores increasing from 51.8 under opaque automation to 87.6 under the 

highest accountability condition. The findings indicate that sophisticated algorithms alone do not create 

effective management control. Their organizational value depends on whether decision makers can 

understand relevant limitations, trace important outputs, override inappropriate recommendations, 

identify accountable owners, monitor changing performance, and correct contested outcomes. The 

framework provides a basis for future empirical assessment of responsible algorithm use in management 

accounting without assuming that automation should replace professional managerial judgment. 

 

Keywords: algorithmic accountability, management accounting systems, explainable analytics, 

management control, artificial intelligence, business analytics, human oversight, decision assurance 
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1. Introduction 

Management accounting has progressively evolved from the preparation of historical cost reports toward 

a broader information and decision-support function involving forecasting, resource allocation, 

performance evaluation, profitability assessment, scenario analysis, and strategic planning. Enterprise 

systems and business analytics have expanded the volume, velocity, and analytical sophistication of 

information available to management accountants. Appelbaum, Kogan, Vasarhelyi, and Yan describe 

this development as a movement from descriptive analysis toward predictive and prescriptive analytics 

within enterprise-system environments, while emphasizing the continuing importance of data quality and 

integrity. The growing use of analytics therefore alters not merely how accounting information is 

processed but also how internal managerial choices are shaped. 

 The transformation becomes more consequential when algorithms begin generating 

recommendations rather than simply organizing information. Demand forecasts may influence 

production budgets, predictive models may determine expected customer profitability, optimization 

routines may recommend resource allocations, automated variance systems may identify business units 

requiring managerial attention, and pricing engines may suggest product-level decisions. Nielsen's 

analysis of business analytics in management accounting emphasizes the growing relevance of 

prediction, visualization, fact-based decision making, and expanded analytical competence for 

management accountants. Richins and colleagues similarly argue that analytical technologies can 

complement rather than eliminate accountants because professional knowledge remains important in 

translating complex data into business-relevant interpretation. 

 The increasing influence of algorithmic recommendations nevertheless raises an accountability 

question. A traditional management accounting recommendation can generally be connected with an 

identifiable preparer, disclosed assumptions, recognizable accounting methods, and management review. 

An algorithmically produced recommendation may instead depend on thousands of variables, historical 

datasets, coded decision rules, optimization constraints, or statistical relationships that are not readily 

visible to the manager receiving the output. Kroll and colleagues identify a broader version of this 

challenge in automated decision systems, arguing that established accountability mechanisms often 

become difficult to apply where important decisions are delegated to computational systems. 

Diakopoulos likewise highlights the need to make algorithmically mediated decision making open to 

meaningful accountability rather than allowing computational complexity to obscure responsibility. 

 Transparency alone, however, is insufficient. An algorithm can be extensively documented yet 

remain poorly governed if no person is responsible for validating its assumptions or monitoring its 

consequences. International trustworthy-AI frameworks consequently connect transparency and 

explainability with human oversight, robustness, auditability, and accountability. The European 

Commission's trustworthy-AI guidance specifically emphasizes traceability, explainability, auditability, 

and mechanisms for responsibility and redress. OECD principles similarly identify transparency, 

explainability, robustness, and accountability as complementary elements of trustworthy algorithmic 

systems. These ideas are directly relevant to management accounting because internal algorithms can 

materially influence resource distributions and managerial performance even when their outputs are 

never disclosed outside the organization. 
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The present study therefore develops a management-accounting-specific framework for algorithmic 

accountability. Its contribution lies in connecting digital accounting research with the broader 

governance literature on accountable algorithms. The study conceptualizes an accountable management 

accounting system as one in which consequential algorithmic recommendations can be traced to 

appropriate data and assumptions, explained at a decision-relevant level, reviewed or overridden by 

competent personnel, assigned to identifiable organizational owners, monitored after deployment, and 

challenged or corrected when evidence indicates a problem. Because no verified corporate dataset was 

supplied, all quantitative results are explicitly simulated. The objective is methodological: to establish a 

structured framework capable of later empirical testing rather than to claim observed performance from 

a real organization. 

 

2. Objectives of the Study 

2.1 Development of a Management Accounting Algorithmic Accountability Framework 

The first objective is to develop an accountability framework tailored to the distinctive characteristics of 

management accounting systems. Generic algorithmic-governance principles provide an important 

foundation, but internal accounting applications involve particular responsibilities associated with 

budgeting, costing, financial planning, performance measurement, profitability analysis, and 

management control. An inappropriate recommendation may not directly create an externally visible 

legal decision but can nevertheless affect employees, business units, customers, suppliers, investments, 

and organizational strategy. 

 The framework therefore translates broad concepts such as transparency and accountability into 

management-accounting controls. It asks whether relevant source data can be identified, whether 

decision logic can be explained, whether professional review is meaningful, whether model 

responsibility has been allocated, whether output performance is monitored, and whether managers can 

challenge or correct algorithmic recommendations. 

 

2.2 Measurement of Accountability Maturity and Decision Assurance 

The second objective is to operationalize algorithmic accountability through a multidimensional 

measure. Organizations can differ substantially in the governance surrounding the same analytical 

technique. Two companies might employ statistically identical forecasting algorithms, yet one may 

maintain documented model ownership, version control, independent validation, human override, and 

performance monitoring while the other permits automated output to enter budgets with minimal review. 

 An Algorithmic Accountability Index is therefore proposed to distinguish technological 

sophistication from governance maturity. A complementary Decision Assurance Score evaluates 

whether recommendations remain sufficiently reliable, explainable, reviewable, and correctable to 

support responsible managerial use. 

 

2.3 Examination of the Relationship Between Accountability and Management Control Quality 

The third objective is to examine whether stronger accountability conditions are associated with 

improved simulated decision assurance. The underlying proposition is not that greater governance 
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always produces a mathematically more accurate model. A technically accurate algorithm can still create 

governance risk if managers cannot determine when it should or should not be trusted. 

 The analysis consequently evaluates decision assurance more broadly than predictive accuracy. It 

considers reproducibility, interpretability, human review, exception handling, and organizational 

responsibility alongside technical performance. This reflects the management-control function of 

accounting, in which the credibility of information depends not only on numerical output but also on the 

process through which that output is produced and used. 

 

3. Review of Literature 

3.1 Business Analytics and the Transformation of Management Accounting 

The relationship between management accounting and digital analytics has become increasingly 

important as enterprise systems consolidate financial and operational information. Appelbaum and 

colleagues demonstrate that management accountants can use descriptive, predictive, and prescriptive 

analytics across multiple performance perspectives, extending accounting from retrospective reporting 

toward decision-support activity. Their Managerial Accounting Data Analytics framework also 

recognizes data integrity as an important condition for useful analytical output. This observation is 

foundational to algorithmic accountability because the reliability of an algorithmic recommendation 

cannot exceed the integrity of the information and assumptions from which it is derived. 

 Nielsen similarly identifies business analytics as an important development for management 

accounting, particularly in relation to prediction, visualization, and fact-based managerial decision 

making. The implications extend beyond technical competence. As management accountants become 

increasingly involved in translating model outputs into organizational decisions, they also become 

participants in the governance of those models. A management accountant recommending a forecast-

generated production adjustment must understand enough about the analytical system to determine 

whether an unusual market condition, data gap, or structural change makes the recommendation 

inappropriate. 

 Oesterreich, Teuteberg, Bensberg, and Buscher's examination of the controller profession also 

indicates that digitalization changes the expected role of management accountants toward a combination 

of business partnering, analytical competence, and technological understanding. These developments 

imply that future management accounting responsibility cannot end when an algorithm produces a 

numerical answer. Professional responsibility increasingly involves questioning the analytical process, 

interpreting uncertainty, and determining whether algorithmic recommendations are consistent with 

organizational context. 

 

3.2 Automation, Professional Judgment, and Accounting Accountability 

Automation technologies create efficiency by transferring repetitive processing from professionals to 

software. Richins and colleagues argue that advanced analytics is more likely to complement than 

eliminate accounting expertise because accountants bring knowledge of structured information and 

underlying business processes. Moll and Yigitbasioglu likewise identify cloud technologies, big data, 

blockchain, and artificial intelligence as forces reshaping accounting work and opening new questions 

for accounting research. 
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Marrone and Hazelton's review of technological disruption in accounting highlights that the implications 

of new technologies extend to accountability itself, not merely efficiency or information processing. 

This is particularly important in management accounting, where computational outputs may enter 

decisions concerning performance targets, employee incentives, product discontinuation, investment 

prioritization, and customer profitability. If such decisions are attributed simply to ―the model,‖ 

responsibility can become diffused between accountants, data scientists, system vendors, IT personnel, 

and managers. 

 Evidence from robotic-process-automation research reinforces this concern. Harrast notes that 

automation in accounting requires appropriate controls over bot access, development, testing, 

authorization, and deployment rather than treating automation as a purely technical implementation. 

Huang and Vasarhelyi's RPA framework similarly preserves an important role for human professional 

judgment by using automation primarily to remove repetitive, low-judgment tasks. The broader 

implication is that automation should redistribute professional attention rather than eliminate 

responsibility. 

 

3.3 Explainability, Traceability, and Accountable Algorithmic Decisions 

Algorithmic accountability literature provides a conceptual basis for governing computational decision 

systems. Diakopoulos argues that computational decision making requires mechanisms capable of 

exposing relevant aspects of algorithmic operation to scrutiny. Kroll and colleagues further demonstrate 

that accountability does not require complete disclosure of every technical detail; instead, governance 

can use mechanisms that verify whether an automated decision system complies with defined standards 

and constraints. 

 This distinction is important for management accounting. A senior manager does not necessarily 

need access to source code for a machine-learning demand forecast. The manager does, however, need 

decision-relevant information concerning major inputs, material assumptions, known limitations, 

uncertainty, recent model performance, and circumstances under which human intervention is required. 

Accountability therefore involves appropriate explainability, rather than indiscriminate technical 

disclosure. 

 The European Commission's trustworthy-AI framework identifies transparency, traceability, 

human agency, technical robustness, and accountability as interconnected governance requirements, 

with auditability occupying an important role in consequential applications. OECD principles similarly 

connect accountable AI with traceability of data, processes, and decisions. Existing accounting literature, 

however, has devoted comparatively less attention to integrating these governance principles directly 

into internal management accounting systems. The present study addresses this gap by developing an 

accounting-specific accountability index and decision-assurance framework. 

 

4. Research Methodology 

4.1 Research Design and Simulated Management Accounting Environment 

The study employs a quantitative simulation-based methodological design. No confidential corporate 

budgets, management reports, pricing models, machine-learning systems, employee performance 
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records, cost databases, or algorithm-development documentation were supplied. The study therefore 

does not present empirical results from a real company. 

 A synthetic population of 80 algorithm-enabled management accounting system profiles is 

constructed. The profiles represent applications in demand forecasting, rolling budgeting, customer 

profitability estimation, cost allocation, production planning, working-capital forecasting, capital-

expenditure prioritization, variance classification, and management performance analysis. 

 Twenty profiles are assigned to each of four accountability conditions: opaque automation, 

documented analytics, governed algorithms, and accountable algorithmic systems. The simulation varies 

the quality of model documentation, explanation, human oversight, ownership, monitoring, and 

challenge procedures while maintaining broadly comparable analytical tasks. 

 

Table 1: Dimensions of Algorithmic Accountability in Management Accounting 

Accountability 

Dimension 
Illustrative Evidence 

Management Accounting 

Question 

Governance 

Purpose 

Data traceability 

Data sources, 

transformations, version 

records 

Can significant 

recommendations be linked 

to reliable source 

information? 

Supports 

reproducibility and 

data integrity 

Model 

explainability 

Key drivers, 

assumptions, limitations 

Can relevant users 

understand why the system 

produced the 

recommendation? 

Supports informed 

managerial judgment 

Human oversight 
Review points, override 

authority, escalation 

Can competent personnel 

intervene before 

consequential use? 

Prevents 

inappropriate 

automation 

dependence 

Responsibility 

attribution 

Named model owner, 

business owner, 

validation responsibility 

Is accountability allocated 

rather than diffused across 

technology teams? 

Establishes 

organizational 

responsibility 

Continuous 

monitoring 

Accuracy tracking, drift 

indicators, exception 

reports 

Is the system evaluated after 

deployment? 

Detects deterioration 

and changing 

conditions 

Contestability 

and correction 

Challenge process, 

override documentation, 

remediation 

Can problematic 

recommendations be 

questioned and corrected? 

Provides 

accountability and 

organizational 

learning 
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4.2 Construction of the Algorithmic Accountability Index 

The Algorithmic Accountability Index (AAI) combines six normalized dimensions: 

[ AAI_i=w_tT_i+w_eE_i+w_hH_i+w_rR_i+w_mM_i+w_cC_i ] 

where: 

(T_i) = data traceability score; 

(E_i) = explainability score; 

(H_i) = human-oversight score; 

(R_i) = responsibility-attribution score; 

(M_i) = monitoring score; 

(C_i) = contestability and correction score. 

For the simulation, all dimensions initially receive equal weighting: 

[ w_t=w_e=w_h=w_r=w_m=w_c=\frac{1}{6} ] 

and therefore: 

[ \sum_{j=1}^{6}w_j=1 ] 

The index ranges from 0 to 1. A value approaching 1 represents an analytical environment in which the 

relevant model and its use are highly traceable, reviewable, explainable, monitored, and assigned to 

identifiable organizational owners. 

 Equal weighting is adopted because no verified empirical evidence was available to justify 

universal superiority of one accountability component. In operational applications, the weighting system 

should reflect the consequences of the particular decision. Human oversight, for example, could receive 

greater weight where algorithms materially influence employee performance evaluation or major capital 

allocation. 

 

4.3 Decision Assurance Score and Simulation Procedure 

A separate Decision Assurance Score (DAS) evaluates the practical governance quality of algorithm-

supported management accounting decisions. It combines five 20-point dimensions: analytical 

reliability, decision-relevant explainability, human-review quality, exception-management effectiveness, 

and reproducibility. 

The score can be represented as: 

[ DAS_i=AR_i+EX_i+HR_i+EM_i+RP_i ] 

where each component ranges from 0 to 20 and: 

[ 0\leq DAS_i\leq100 ] 

Synthetic exceptions are introduced into the model environment, including changes in demand patterns, 

missing operational data, incorrectly classified cost drivers, unusual pricing conditions, altered supplier 

lead times, and model-performance deterioration. Higher-accountability systems are designed to provide 

stronger evidence trails and clearer mechanisms for detecting and resolving these exceptions. 

 The purpose of the simulation is not to demonstrate a universal numerical causal effect. The 

analysis instead examines whether the proposed measurement architecture behaves consistently with the 

theoretical proposition that decision assurance should improve when algorithmic recommendations are 

accompanied by stronger accountability mechanisms. 
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5. Analysis 

5.1 Accountability Maturity in Algorithm-Enabled Management Accounting 

The simulated profiles show substantial differences between technological automation and accountable 

automation. In the opaque condition, algorithmic recommendations are available quickly but supporting 

information concerning model assumptions, data transformations, and organizational responsibility is 

limited. Management can receive a forecast or profitability classification without an efficient method for 

reconstructing why the output changed. 

 Documented analytics improves this environment by creating technical records and basic model 

descriptions. However, documentation does not automatically establish meaningful human oversight. 

Several synthetic cases contain technically complete model files but no defined management accountant 

responsible for reviewing unusual recommendations before use. 

 Governed algorithms demonstrate stronger responsibility assignment, validation, and monitoring. 

The accountable-system category adds structured challenge, override, and correction mechanisms so that 

an algorithmic recommendation can be questioned without bypassing the overall control architecture. 

This feature becomes particularly important when managers encounter circumstances not adequately 

represented in historical training or calibration data. 

 

5.2 Comparative Results Across Accountability Conditions 

The simulated results show progressive improvement in decision assurance as accountability maturity 

increases. 

 

Table 2: Simulated Algorithmic Accountability and Decision Assurance 

Accountability 

Condition 

Mean 

AAI 

Traceability 

Coverage 

Documented 

Human Review 

Exception-

Resolution 

Effectiveness 

Mean 

DAS 

Opaque automation 0.24 41% 46% 54% 51.8 

Documented 

analytics 
0.46 64% 67% 69% 64.7 

Governed 

algorithms 
0.69 82% 84% 82% 77.7 

Accountable 

algorithmic system 
0.88 94% 93% 91% 87.6 

 

Note: All values are simulated for methodological demonstration and do not represent a real company's 

systems or observed performance. 

 The largest qualitative difference between the first two categories and the higher-maturity 

categories concerns responsibility. Documentation answers the question of how a model has been 

configured; accountability additionally identifies who must act when the model behaves unexpectedly. 
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The simulated accountable-system profiles also display stronger exception resolution because 

recommendations can be traced and challenged without discarding the analytical system entirely. This 

provides a more realistic management-control mechanism than either unquestioning automation or 

complete rejection of model-supported decision making. 

 

5.3 Distribution of Decision Assurance 

 

Graph 1: Simulated Decision Assurance Across Algorithmic Accountability Maturity 

 
 

The boxplot shows a progressive upward movement in decision assurance as accountability maturity 

increases. Opaque automation produces a mean score of approximately 51.8, while documented 

analytics produces 64.7. Governed algorithmic environments reach 77.7, and accountable algorithmic 

systems reach approximately 87.6. 

 The distribution is also narrower at higher accountability levels in the synthetic environment. 

This suggests a second potential benefit beyond higher average quality: strong governance may 

contribute to greater consistency in the way algorithmic recommendations are interpreted and reviewed. 

These results should not be treated as real-world effect sizes. They demonstrate the internal behavior of 

the proposed framework under controlled assumptions. 

Key Finding: Algorithmic sophistication alone does not provide management accounting assurance. 

The simulated evidence indicates that the strongest decision environment emerges when analytical 

capability is accompanied by traceability, explanation, responsible ownership, human intervention, 

continuous monitoring, and effective challenge mechanisms. 
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6. Discussion 

6.1 From Automated Accounting to Accountable Decision Support 

The principal implication of the study is that management accounting systems should not be evaluated 

only according to processing speed, predictive performance, or labor savings. These measures are 

important, but they do not establish whether the resulting managerial decisions are organizationally 

defensible. 

 Appelbaum and colleagues illustrate the considerable opportunity for descriptive, predictive, and 

prescriptive analytics to expand management accounting decision support. Nielsen similarly identifies 

analytical technologies as potentially transformative for the management accountant's contribution to 

decision making. The present study adds that the transition toward prescriptive analytics increases rather 

than decreases the importance of accountability because systems begin to influence what management 

should do, not merely describe what has already occurred. 

 Consider a profitability algorithm recommending termination of a customer relationship. The 

recommendation may be mathematically consistent with historical contribution margins while 

overlooking strategic cross-selling opportunities, incomplete service-cost information, or recent 

contractual changes. An accountable system does not require rejection of the algorithm. It requires that 

users can identify the important drivers, evaluate relevant limitations, and exercise documented 

professional judgment where business context contradicts the model. 

 The same principle applies to budgeting. An automated forecast based on historical demand may 

provide superior statistical performance under ordinary conditions while becoming inappropriate after a 

structural market disruption. Human oversight therefore should not be designed as ceremonial approval. 

It must enable competent management accountants to identify circumstances in which algorithmic 

assumptions cease to correspond with business reality. 

 

6.2 Preventing Responsibility Gaps in Management Accounting Systems 

A second important implication concerns the risk of responsibility diffusion. Algorithmic management 

accounting systems frequently involve several organizational actors. Data engineers maintain pipelines, 

external vendors provide software, data scientists develop models, management accountants translate 

outputs, IT personnel control system access, and operational managers ultimately implement 

recommendations. 

 Kroll and colleagues' accountable-algorithm framework demonstrates why traditional 

responsibility mechanisms can become difficult when consequential decisions are produced 

computationally. The European trustworthy-AI guidance similarly places responsibility and auditability 

at the center of accountable system governance. These principles suggest that organizations should 

allocate responsibilities before model deployment rather than attempting to reconstruct accountability 

after an adverse event. 

 For management accounting, at least three forms of ownership are particularly important. 

Technical ownership concerns model implementation and system operation. Analytical ownership 

concerns validity, assumptions, and performance monitoring. Business ownership concerns whether and 

how the recommendation is used in managerial decision making. Separating these responsibilities while 
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maintaining clear escalation pathways can reduce accountability gaps without falsely attributing every 

outcome to a single individual. 

 

6.3 Explainability, Human Judgment, and Management Control 

The third implication concerns the relationship between explanation and professional judgment. 

Explainability does not necessarily require that every manager understand the complete mathematical 

structure of an algorithm. In many cases this would be impractical and could create information 

overload. 

 Decision-relevant explanation is more useful. A controller reviewing a sales forecast may require 

the variables most responsible for the change, uncertainty surrounding the prediction, historical 

performance under comparable conditions, and any important data-quality exceptions. A senior 

executive may require an even more concise explanation focused on business implications and material 

assumptions. 

 OECD principles distinguish transparency and explainability from accountability while 

recognizing that the concepts reinforce one another. The same distinction is important in management 

accounting. Explainability allows decision makers to understand a recommendation; accountability 

determines whether appropriate actors are responsible for validating and acting upon that understanding. 

 The literature on accounting automation also supports retaining substantive human judgment. 

Huang and Vasarhelyi's RPA framework emphasizes the use of automation to reduce repetitive work so 

that professionals can concentrate on judgment-intensive activities. Richins and colleagues similarly 

argue that analytical technology can complement accounting expertise rather than render it obsolete. 

Algorithmic accountability therefore should not be framed as opposition to automation. Its purpose is to 

create conditions under which automation can be relied upon responsibly. 

 

7. Conclusion 

This study develops a framework for algorithmic accountability in management accounting systems at a 

time when internal accounting functions are increasingly influenced by predictive analytics, 

optimization, robotic automation, and machine-generated recommendations. The central argument is that 

algorithmic capability and management-control quality are not equivalent. A technically sophisticated 

model may still create organizational risk when its data cannot be traced, its recommendations cannot be 

explained at a relevant level, its assumptions are not reviewed, its ownership is unclear, or its 

performance is not monitored after deployment. 

 The proposed Algorithmic Accountability Index addresses this problem by integrating six 

dimensions: data traceability, model explainability, human oversight, responsibility attribution, 

continuous monitoring, and contestability or correction. The Decision Assurance Score provides a 

complementary assessment of whether model-supported managerial decisions remain reliable, 

interpretable, reviewable, and reproducible. Within the controlled synthetic environment, mean decision 

assurance rises from 51.8 under opaque automation to 87.6 under accountable algorithmic governance. 

These values should be interpreted only as methodological illustrations rather than empirically observed 

organizational outcomes. 
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The broader contribution is conceptual. Algorithmic accountability in management accounting should 

not be reduced to disclosure of model documentation or the presence of a human approval button. 

Effective accountability requires a functioning governance relationship among data, algorithms, 

professional expertise, managerial authority, and organizational responsibility. Human oversight must be 

meaningful enough to question a recommendation; model ownership must identify who monitors 

performance; traceability must enable investigation; and correction procedures must permit 

organizational learning when algorithmic outputs prove inappropriate. 

 Future empirical research should validate the proposed framework using authenticated 

management accounting environments. Potential settings include algorithm-supported forecasting, 

standard costing, customer profitability, working-capital management, pricing, resource allocation, and 

capital budgeting. Longitudinal research could examine whether higher AAI scores are associated with 

fewer unexplained forecasting errors, faster model-error detection, improved override quality, greater 

user trust, stronger budget reliability, or better managerial decision consistency. Research should also 

consider risks arising from automation bias, model drift, biased historical datasets, inappropriate 

performance metrics, excessive managerial overrides, and vendor-controlled black-box systems. 

Algorithmic accountability should ultimately be understood not as a barrier to management accounting 

innovation but as an essential condition for ensuring that increasingly powerful analytical systems 

remain subject to responsible professional and organizational control. 
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